Parallelization and Characterization of SIFT on Multi-Core Systems

Hao Feng Eric Li

Yurong Chen

Yimin Zhang

Application Research Lab, Intel China Research Center

{hao.feng eric.q.li yurong.chen yimin.zhang}@intel.com

ABSTRACT

This paper parallelizes and characterizes an important
computer vision application — Scale Invariant Feature
Transform (SIFT) both on a Symmetric Multiprocessor (SMP)
platform and a large scale Chip Multiprocessor (CMP)
simulator. SIFT is an approach for extracting distinctive
invariant features from images and has been widely applied.
In many computer vision problems, a real-time or even super-
real-time processing capability of SIFT is required.

To meet the computation demand, we optimize and
parallelize SIFT to accelerate its execution on multi-core
systems. Our study shows that SIFT can achieve a 9.7x ~ 11x
speedup on a 16-core SMP system. Furthermore, Single
Instruction Multiple Data (SIMD) and cache-conscious
optimization bring another 85% performance gain at most.
But it is still three times slower than the real-time
requirement for High-Definition Television (HDTV) image.
Then we study the performance of SIFT on a 64-core CMP
simulator. The results show that for HDTV image, SIFT can
achieve an excellent speedup of 52x and run in real-time
finally.

Besides the parallelization and optimization work, we also
conduct a detailed performance analysis for SIFT on those
two platforms. We find that load imbalance significantly
limits the scalability and SIFT suffers from intensive burst
memory bandwidth requirement on the 16-core SMP system.
However, on the 64-core CMP simulator the memory
pressure is not high due to the shared last-level cache (LLC)
which accommodates tremendous read-write sharing in SIFT.
Thus it does not affect the scaling performance. In short,
understanding the characterization of SIFT can help identify
the program bottlenecks and give us further insights into
designing better systems.

1. INTRODUCTION

Image matching is one of the most fundamental topics in
the computer vision area and how to generate stable image
features is a crucial problem for object matching and feature
tracking. Scale Invariant Feature Transform (SIFT) algorithm
has been well applied to scene modeling and object
recognition since its image features are highly invariant
against the translation, rotation and scaling of the image, and
are partially invariant to the changes of the lighting and
contrast [4]. Because its feature vector descriptors created
from image are highly stable and distinctive, image features
can be correctly matched with high probability. Though the
SIFT algorithm is mature and effective, to generate the
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feature descriptors is very time-consuming. Moreover, there

are many scenarios (e.g. online object recognition) which

require SIFT features to be extracted and matched in real-time

(30 frames per second - FPS) or even in super-real-time.

In order to take advantage of the computing power of
modern multi-core systems to accelerate the SIFT execution,
we propose a parallel implementation of the algorithm. We
further optimize its performance and present a thorough
workload characterization both on a 16-core Symmetric
Multiprocessor (SMP) and a 64-core Chip Multiprocessor
(CMP) in this paper.

The main contributions of this paper are:

1. We parallelize SIFT on the multi-core systems through
exploring its thread-level parallelism and we also present
several techniques to further optimize its performance.

2. We evaluate the parallel SIFT performance and conduct a
detailed workload characterization of it both on a 16-core
SMP machine and a 64-core CMP simulator.

The key findings of this paper are:

1. Thread-level parallelism improves the performance of
SIFT by 9.7x ~ 11x on the 16-core SMP machine and 38x
~ 52x on the 64-core CMP simulator. Single Instruction
Multiple Data (SIMD) and cache-conscious optimization
bring an additional 85% performance gain at most. With
those optimizations, SIFT can run in real-time on the 64-
core simulator.

2. Load imbalance is the primary factor which limits the
scaling performance of SIFT severely. The problem
becomes even worse when the thread count increases due
to the limited amount of tasks.

3. The workload has high burst memory bandwidth demand
on the 16-core SMP system and it affects the scalability of
SIFT seriously. Nevertheless, SIFT exhibits moderate
memory requirements on the 64-core CMP simulator,
since the 16MB shared last-level cache (LLC)
significantly reduce the off-chip memory accesses and
much higher memory bandwidth is provided by the
simulator. Thus, the memory bandwidth demand does not
affect the scalability on the 64-core CMP simulator.

4. SIFT exposes tremendous amounts of read-write data
sharing because of the true inter-thread communication.
But a shared LLC can eliminate the coherence traffics to
offer better performance.

The remainder of this paper is organized as follows.
Section 2 describes the serial SIFT algorithm. In Sections 3,
we present the parallelization and optimization techniques.
Section 4 and 5 report the performance result analysis on a



16-core  SMP platform and a 64-core CMP simulator
respectively. Section 6 introduces some related work. Finally,
we summarize our study in Section 7.

2. SIFT ALGORITHM
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Figure 1 Flowchart of the SIFT Algorithm

In this section, we introduce the serial SIFT algorithm [4].
SIFT is an approach for detecting and extracting local feature
descriptors from images. The flowchart of SIFT is shown in
Figure 1. In order to generate the set of image features, the
algorithm consists of five major computation steps: Building
Gaussian Scale Space, Key Point Detection and Localization,
Orientation Assignment, Key Point Descriptor as well as
Matrix Operations.

Building Gaussian Scale Space (BGSS) Key point
candidates for SIFT features are obtained potentially from
local extrema of difference-of-Gaussian (DoG) pyramid. As
shown on the left of Figure 2, the scale space pyramid (octave)
is constructed by convolving the initial image with Gaussian
kernels repeatedly. After that, the first image in this octave is
downscaled by a factor of two and convolved with the same
set of Gaussian kernels to construct the next octave until a
certain image size is reached [17]. Finally, as shown on the
right of Figure 2, adjacent Gaussian images are subtracted to
produce the DoG images.

Key Point Detection and Localization (KDL) The pixels
with local maximum or minimum luminance value in the
DoG images are considered as key point candidates. Each
pixel in the DoG images is compared against its 26 neighbors
in the 3x3 region in current and adjacent scales. If the pixel is
a local extrema, it is selected as a candidate key point. After
removing the low contrast points introduced by noise and
edge responses, we obtain the key points finally.

Orientation Assignment (0A) A gradient orientation
histogram is computed in the neighborhood of key points in
order to determine the key point orientation. The contribution
of each neighboring pixel is weighted by the gradient
magnitude and a Gaussian window, the size of which is 1.5
times of the key point scale. The peak in the histogram
corresponds to the dominant orientation and a key point will
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be created for that direction as well as any other direction
within 80% of the peek value.
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Figure 2 Blurred Images at Different Scales and the
Computation of DoG Images

Key Point Descriptor (KD) Once a key point orientation is
selected, the feature vector descriptor is computed as a set of
orientation histograms in the 16x16 pixel region. Since every
4x4 region is projected onto one histogram and each
histogram contains 8 bins for 8 directions, it leads to a SIFT
feature vector of 128-element (4*4*8=128) size. The vector
is normalized to enhance invariance to changes in
illumination [5].

Matrix Operation (MO) After all the key point descriptors
in one octave are generated, the Gaussian image is
downscaled for the computation of the next octave. The
whole algorithm repeats until a specified image size is
reached. Some other matrix operations like matrix subtraction
are also included in this module.

3. SIFT OPTIMIZATION

In this section, we parallelize SIFT with OpenMP [14] and
conduct several optimizations [15] to improve its
performance on the multi-core systems. We use the serial
algorithm described in Section 2 as the baseline.

3.1 Parallel Algorithm Introduction

There are two main strategies to parallelize the SIFT
algorithm, i.e., coarse-grain and fine-grain parallel
approaches. As the computations can be operated in different
frames independently, the straightforward coarse-grain
parallelization is to process different frames in parallel.
Though this scheme exploits the highest level of parallelism,
it does not scale well because its aggregate working set while
processing multiple frames cannot fit into the on-die cache.
Thereby, it puts heavy pressure on the memory subsystem
and limits the scalability. In addition, this approach only
works effectively for off-line video processing. In order to
reduce the working set size and provide on-line processing
capability, we target to exploit the fine-grain thread-level
parallelism within each single frame.



For the fine-grain parallelization, we profiled the serial
SIFT algorithm and selected the most expensive modules as
the main targets for parallelization. There are four time-
consuming modules: BGSS, KDL, OAKD (includes both OA
and KD phases described in Section 2) and MO. They make
up 99.8% of the total SIFT execution time. As there are
abundant row-wise and pixel-wise data parallelisms while
processing the images, it is straightforward for each thread to
process different chunks of the image data in parallel for
BGSS, KDL and MO modules. For OAKD module, since the
computation for each key point varies, the key points are
dynamically assigned to the working threads during parallel
processing.

3.2 Parallel Algorithm Optimization

Besides the parallelization, we also use several
optimization techniques to further improve the performance
of SIFT on SMP and CMP platforms.

3.2.1 SIMD Optimization

In this work, we dramatically improve the performance of
SIFT through SIMD instructions. In order to exploit the data-
level parallelism, most modern processors adopt SIMD as an
architecture feature such as SSE/SSE-2 of X86 and VMX of
PowerPC [9]. The SIMD technology which performs multiple
arithmetic or logic operations simultaneously can improve the
execution efficiency effectively.

In SIFT most of the computations can be SIMDized
through SSE-2, and it achieves a 1.9x speedup on an Intel®
Core™ 2 Quad processor. Since BGSS and MO modules are
responsible for image convolution and transformation, they
are amenable to SIMDization due to their regular data access
and manipulation patterns. However, there are still a few
factors which limit the SIMD efficiency in SIFT, e.g.,
different control flow paths, irregular data accesses and
atomic operations.

In OAKD module, the 4 elements (pixels) contained in one
SSE register may fall into different control flows. In such
cases, those pixels have to be processed separately. In order
to solve the irregular control flow problem, we use several
buffers to record those pixels, and each buffer corresponds to
one control path. Then different buffers of pixels can be
processed through SSE instructions. However, it incurs
significant overhead in buffer manipulation.

In addition, the SIMD efficiency is also affected by the
histogram computation' for the feature creation in OAKD
module, because the unaligned memory accesses and atomic
operations prohibit efficient histogram SIMDization. Thus we
execute the histogram operations in a serial manner.

3.2.2 Cache/Memory Optimization

Besides the SIMD optimization, we also optimize the
cache/memory performance for SIFT. On multi-core
platform, good cache efficiency becomes more critical, since

! Histogram operations are still hard to be parallelized through
SIMD. Some special hardware or instructions have been proposed
in [7] [16] to solve this problem.
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the maximum bus bandwidth shared by all cores collectively
still remains. Thus, it is important to design algorithms that
are cache-conscious and utilize the multi-core processing
capability efficiently. In SIFT, we widely apply loop fission
and loop interchange to improve cache locality. Meanwhile,
we eliminate redundant memory copy operations to save the
memory bandwidth usage. For example, the BGSS module
employs in-place Gaussian convolution originally. At the end
of that phase, it shifts all the pixels inside the convolution
window through memory copy operations. We replace that
implementation with writing every pixel directly to its final
position during Gaussian convolution. It achieves much better
performance. Besides, we extensively change the data
structure and control flow to eliminate the redundant memory
copy operations.

Another cache optimization is to carefully change the data
arrangement in order to avoid false sharing in parallel
programs. In SIFT we manually add some padding to ensure
that the elements owned by different threads lie in separate
cache lines.

3.2.3 Thread Affinity Optimization

The thread affinity mechanism [6] can attach one thread to
a specific core on SMP or CMP. When a group of threads
have heavy data sharing behavior, using the thread affinity to
bind them to the cores on the same chip utilizes the shared
LLC for fast communication and synchronization. While for
the applications with high per-thread bandwidth demand, we
schedule the threads to the cores on different chips to utilize
the aggregated bandwidth. In the SIFT implementation, we
find the affinity mechanism which tries to schedule the
threads onto the same socket and even the same chip brings
the most benefits. It is because SIFT has a lot of data sharing
among threads (will be explained in Section 5). It is beneficial
to schedule the threads with lots of data sharing onto the cores
sharing the L2 cache. It provides 2% ~ 10% performance gain
compared to the default OS scheduling policy. Therefore, we
use this scheduling policy throughout the rest of the paper.

4. PERFORMANCE EVALUATION ON THE 16-CORE
SMP SYSTEM

In this section, we first evaluate the performance of the
parallel SIFT implementation on a real SMP system. The
SMP system is a four-socket quad-core server (HP ProLiant
DL580 G5) with 16 cores totally. Each Intel Core2 Quad
processor has four cores running at 1.6 GHz and each core
has a 32KB L1 data cache and a 32KB L1 instruction cache.
Each of the two pairs of cores on each chip share a 2MB
unified L2 cache. Therefore, it leads to a total 16MB L2
cache for the whole 16-core system. The Front Side Bus
(FSB) frequency is 1066MHz and the theoretical peak
bandwidth is around 33.3GB/s.

The parallel SIFT implementation with OpenMP is
compiled by Intel C/C++ Compiler Version 9.1 with
maximum optimizations enabled (-O3) under Linux. Some
other performance data are collected by Intel VTune
performance analyzer [12] and Intel Thread Profiler [11].



We use two different input data sets in our experiments:
MPEG-2 image (size of 720x576, 700 key points) and High-
Definition Television (HDTV) image (size of 1920x1080,
1038 key points). To get higher algorithm accuracy, HDTV
images are also required, thus we believe both MPEG-2 and
HDTYV input images are representative.

4.1 Parallel Performance Improvement

The optimization techniques mentioned above bring
significant performance gains for SIFT. The performance
results on the SMP platform are shown in Figure 3, where
“original” represents the SIFT implementation without SIMD
and cache optimization. The SIMD speedups are also shown
on the graph. From Figure 3, we get following observations:
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Figure 3 SIFT Performance Improvement

First, on the 16-core SMP system SIFT can marginally
meet the real-time requirement for MPEG-2 image. It runs at
30 FPS for 16-thread. But for HDTV, SIFT can run only at 10
FPS that is still far from the real-time performance.

Second, as shown in Figure 3, it is evident that the overall
performance of SIFT has been improved dramatically through
SIMD optimization which brings a 1.85x speedup for HDTV
and a 1.72x speedup for MPEG-2. Considering only BGSS
and MO modules obtain the maximum performance gain
from SIMD acceleration, KDL module are just partially
SIMDized and OAKD module suffers from the irregular
control flow and histogram operations, the SSE speedups are
reasonable. But as thread number increases, SIMD speedups
reduce to only about 1.45x for 16-thread. It is because of the
synchronizations and parallelization overhead which cannot
be optimized through SIMD.

Third, we find that SIMD offers more performance benefits
for HDTV than MPEG-2. In order to understand the reason,
we analyze the module runtime breakdown shown in Figure
4. As depicted in that figure, for HDTV image the BGSS and
MO modules that are fully optimized through SIMD occupy a
much larger proportion of runtime than MPEG-2 image. It
accounts for the higher SIMD speedups for HDTV since the
BGSS and MO modules have more SIMD benefits than the
OAKD and KDL modules.
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Figure 4 Module Runtime Breakdown

Finally in Figure 3, it is observed the cache-conscious
optimization brings an additional 20% ~ 25% performance
improvement. Totally, all the optimizations can effectively
offer an accumulative 1.8x ~ 2.2x speedup in our SIFT
implementation.

4.2 Scalability Analysis
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Figure S Performance Scalability

SIFT achieves a moderate speedup on the 16-core SMP
system. Figure 5 shows the scaling performance of the entire
application as well as each module on the 16-core SMP
system. The whole application gets a speedup of 11x for
MPEG-2 image and 9.7x for HDTV image respectively. To
understand the limiting factors, we characterize the parallel
performance from high Ilevel parallel overheads, e.g.,
synchronization penalties, load imbalance and serial regions.
Figure 6 depicts the factors which limit the program
scalability.

According to Figure 6, load imbalance and
synchronizations occupy a large portion of the total execution
time of parallel SIFT. The load imbalance problem mainly
takes place in the KDL module, since the amount of key
points detected varies significantly for different image scales,
ranging from several hundreds to tens. As a result, the serious
load imbalance reduces the scalability of KDL module. Since
there are more key points detected in HDTV image, HDTV
has less load imbalance problem than MPEG-2 as shown in



Figure 6, and the KDL module shows better scalability for
HDTV (see Figure 5). With the increase of the thread
number, load imbalance becomes more pronounced to limit
the scaling performance.
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Figure 6 Execution Time Breakdown

Besides, synchronizations including barriers and locks
affect the scalability too. They are mainly because of the
synchronizations between the row and the column
convolution in BGSS module and the critical section while
merging different key point lists at the end of KDL module.
In addition, serial section in Figure 6 is due to the data
processing that cannot be parallelized between different
iterations.

Figure 5 also shows that BGSS and OAKD modules scale
well, but the scaling performance of KDL and MO modules
are poor. As mentioned above, the KDL module suffers
severely from load imbalance problem. The performance of
the MO module actually degrades when the number threads
goes from 8 to 16 (highlighted in Figure 5). It is because of its
high memory bandwidth usage which will be discussed in the
next subsection.

Based on all the general parallel overhead metrics shown in
Figure 6, suppose the parallel region could scale perfectly
SIFT should achieve the theoretical speedups of 13.6x for
MPEG-2 and 14.4x for HDTV. They are much better than the
real speedups we get from Figure 5. Therefore, we believe the
scalability of SIFT is further limited by some other factors
that will be discussed next.

4.3 Memory Behavior Analysis

Besides the general parallel performance metrics, the
memory subsystem also plays an important role which affects
the scaling performance severely. We now investigate why
SIFT does not achieve the perfect scalability from the
perspective of memory subsystem. We use Intel VTune
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analyzer to further analyze the memory behavior of SIFT on
the 16-core SMP system. L1/L2 cache miss rates and system
memory bandwidth requirement which are chosen as
performance metrics are shown in Figure 8 and Figure 7.
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Figure 7 Memory Bandwidth Usages

4.3.1 Memory Bandwidth

Our first observation is that the average bus bandwidth
does not limit the scalability of SIFT on the 16-core system.
Figure 7 shows how the average FSB bandwidth utilization
varies with different number of threads. For 16-thread, the
bandwidth usage of SIFT for both images (2.4GB/s for
MPEG-2 and 5.5GB/s for HDTV) is far below the peek
bandwidth (33.3GB/s) that the system provides. Therefore,
the scalability of SIFT is not limited by the average bus
bandwidth of the 16-core SMP system.

Despite that SIFT is not bound to the average bandwidth
usage, the scalability is limited by the instantaneous
bandwidth usage caused by the burst memory transactions.
The reason that the average bandwidth usage of SIFT is
significantly lower than the peak bandwidth usage is because
SIFT consists of different modules with different bandwidth
requirements. Normally, the module with higher bandwidth
requirement often limits the scalability of the entire
application. As far as SIFT is concerned, apparently in Figure
7 the MO module has the highest burst bandwidth usage that
it demands a bandwidth twice or even four times as much as
the average bandwidth of the whole program. Although the
peek bandwidth of the 16-core system is nearly 33.3GB/s, the
FSB efficiency is just around 30%~40%. Thus the whole
system can only provide a bandwidth of 10GB/s~13GB/s.
Once the burst bandwidth usage of the application exceeds
the system's capability, the performance will drop
dramatically. That is why the speedup of MO of 16-thread is
even worse than that of 8-thread. Definitely, MO module
becomes the bottleneck and limits the whole application’s
scalability.
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Figure 8 L1 and L2 Cache Miss Rates

4.3.2 Cache Performance

Additionally, there is a significant bandwidth usage
increase — more than twice from 8 threads to 16
threads of SIFT for MPEG-2 (highlighted in Figure 7).
We can find the reason in Figure 8. First, it is clear that
mostly both L1 and L2 cache miss rates keep falling
when the thread count scales. That is because a larger
aggregated cache capacity is provided when the core
number increases.

However, it is also observed that the L2 cache miss
rate increases for MPEG-2 adversely from 8-thread to
16-thread. It is mainly because of the significant
coherence misses. According to the SIFT algorithm
there is a hierarchical parallel decomposition
procedure, during which the downscaled image is read
into all private L2 caches every iteration. Thereby
significant coherence misses are incurred when SIFT
scales, and it also aggravates the memory bandwidth
requirement. The reason that the L2 cache miss rate
keeps falling for HDTV from 8-thread to 16-thread is
because HDTV has a much larger working set, thus
less shared data will be contained by the L2 cache. As
a result, coherence misses do not have serious impact
on HDTV. We will discuss it later in Section 5.
Nevertheless, we believe a shared LLC can help solve
this problem.

5. PERFORMANCE ANALYSIS ON THE 64-
CORE CMP

According to the performance analysis in previous
section, for HDTV SIFT neither achieves the real-time
performance, nor shows good scalability on the 16-
core SMP system. With the prevalence of CMP and the
steadily increasing number of cores in the near future,
it becomes more important to harness the computing
power on the large scale CMP. Thus, we model a 64-
core CMP [2] with a shared LLC and high memory
bandwidth to study its performance.
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In the simulator, each core is in-order and has a
private L1 data cache which is equipped with a
hardware stride prefetcher, and all cores share the L2
cache. The cores are connected through a bi-directional
ring, and the L2 cache is broken into multiple banks as
well as distributed around the ring. Since each L2 bank
has 16 MSHRs and can submit a request to memory
every cycle, an available memory bandwidth of
55B/cycle or 110GB/s can be provided® with the 2GHz
core frequency. Thus we suppose a high main memory
bandwidth which does not artificially limit the
scalability of the modules. Other parameters are listed
in Table 1.

Table 1 Simulated System Parameters

Processor Parameters

# Cores 1-64
Frequency 2GHz
Core width 2

Branch predictor gshare, 2k entries

Memory Hierarchy Parameters

Private (L1) cache 32KB, 8-way, 64B line

Shared L2 cache 16MB, 16 banks, 16-way
(inclusion)
Coherence Protocol MSI

Interconnect network | Bi-directional ring (40s tops)

Contentionless Memory Latencies

L1 hit
L2 hit

3 cycles
18-58 cycles

Main memory access 298-338 cycles

5.1 Scaling Performance

As shown in Figure 9, SIFT shows much better
scaling performance on the 64-core CMP than that on

2 The 16MB LLC and 110GB/s memory bandwidth can be
reached within 2~4 years, and the memory bandwidth is
estimated as follows:

#12banks * #L2MSHR /banks * Linesize
memory latency

Memory bandwidth = [2]




the 16-core SMP system for both MPEG-2 and HDTV
images. In addition, HDTV even demonstrates better
scalability (52x) than MPEG-2 (39x) in the case of 64-
thread. Now SIFT can achieve 33FPS to meet the real-
time constraint for HDTV image with 64 threads.
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Figure 9 Scaling Performance

We further look at the factors that limit the
scalability and why SIFT does not deliver linear
scaling performance:

= Serial Sections The size of the serial sections in
SIFT is reasonably small. It only occupies less
than 2% of the total execution time for both
MPEG-2 and HDTV images.

=  Locking The lock overhead does not limit the
scalability significantly either, as we have
manually eliminated the lock overhead in the
optimized parallel SIFT algorithm. It only
occupies as much as 0.5% of the runtime.

= Parallel Overhead SIFT suffers from relatively
high task queuing overhead. It is because as the
number of tasks increases, the parallel region
becomes smaller. Then the overhead of software
dynamic task scheduling becomes large enough to
affect the parallel speedup. Though software task
queue overhead costs about 7% ~ 15% of the
runtime for 64-thread, alternative hardware task
distribution mechanism can help reduce the
overhead effectively [18].

=  Load Imbalance 1load imbalance problem
becomes even more pronounced to limit the
scaling performance of SIFT on the 64-core CMP
simulator and it is indeed the primary factor that
limits the scalability. In the case of 64-thread, load
imbalance takes about 15.9% of the total runtime
for MPEG-2 and 8% for HDTV respectively.
Apparently, since HDTV provides more tasks, it is
better load balanced than MPEG-2 for 64-thread.
That is why for HDTV SIFT gets better
performance speedup.

Though SIFT dose not get linear speedup on the 64-
core CMP simulator, it is obvious SIFT has better
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scalability than that on the 16-core SMP system. We
can observe 14x speedup of 16-thread for both MPEG-
2 and HDTV inputs. They are almost equal to the
theoretical speedups considering the general scaling
limited factors mentioned above. Therefore, we believe
parallel SIFT is more cache/memory friendly on the
64-core CMP simulator.

5.2 Memory Behavior

In this section, we examine the memory behavior of
the parallel SIFT algorithm on the 64-core CMP
simulator in terms of working set sizes, data sharing
behavior, on-die/off-die traffic and the effectiveness of
prefetching.

5.2.1 Working Set Study

The cache miss rate curves versus cache capacity
can provide us insights into how much temporal
locality the program has and how effectively cache can
reduce the bandwidth usage to next level memory
hierarchy. The cache sizes corresponding to the knee
points in the curves are commonly regarded as working
set sizes of different level.

Figure 10 shows the shared L2 cache miss rate’ for
both MPEG-2 and HDTV images. We disable the
hardware prefetcher since it may mask the working set
size. We have the following observations:

First, SIFT has two level working sets. For single
thread case, the first-level working set which is less
than 32KB primarily consists of stack data only. While
the second-level working set is around 12MB for
MPEG-2 and 32MB for HDTV.

Second, the first-level working set size of SIFT
scales with increasing thread count. For instance, the
first-level working set of 64-thread which is around
2MB for MPEG-2 and 6MB for HDTV is much larger
than that of 1-thread. This is because the stack data is
private for each thread. Thus the first-level working set
grows proportionally to the number of the threads.

However, the second-level working set size does not
scale when we increase the thread count. In fact, it
depends on the data parallel method we use, i.c.,
during different parallel sections, we always partition
the image into several chunks and assign them to
different working threads. Therefore, total amount of
work does not change greatly when thread number
scales. Thus, the second-level working set size
remains. It is desirable to have a shared LLC for SIFT
to accommodate its large second-level working set,
since the shared LLC is able to avoid coherence misses
and reduce the bandwidth requirement.

? This metric is Misses per Kilo Instructions (MPKI)



MPEG-2 Working Set

Misses / 1000 Instructions

Cache Capacity (MB)

HDTV Working Set

Misses / 1000 Instructions

0 4 8 12 16 20 24 28 32 36
Cache Capacity (MB)

Figure 10 Working Sets of SIFT

5.2.2 Thread Sharing Behavior
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We study the data sharing behavior of SIFT to
quantitatively identify the data access patterns on the
64-core CMP. Figure 11 shows the distributions of
access type for 64-thread. We classify a shared cache
line as either read-only shared or read-write shared.
Read-only shared cache lines are those ones only read
from but not written to, while read-write shared cache
lines are those ones on which communications happen
among threads.

Figure 11 reports that more than 35% of the data
sharing for MPEG-2 is read-write shared. It confirms
that parallel SIFT has high inter-thread communication
as well as coherence misses that account for the
increase of L2 cache miss rate from 8-thread to 16-
thread for MPEG-2 on the 16-core SMP system. On
the other hand, HDTV image only sees a small portion
of read-write shared data as its second level working
set is too large to fit into the 16MB L2 cache. Thus
most private data that are used more frequently are
contained. However, after enlarging the L2 cache
capacity to 64MB, more cache lines become read-write
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shared as shown in Figure 11 since its second-level
working set can fit into the L2 cache now.

5.2.3 On-Die Traffic and Off-Die Traffic*

Since working set and sharing behavior affect
memory bandwidth seriously, we examine the on-chip
and off-chip data communication next. It will provide
us further insights into the memory behavior and
bandwidth requirement of SIFT. Both on-die and off-
die bandwidth are critical resources in scalable CMPs,
since they are shared among a potentially large number
of cores. An application will continue to scale only if
sufficient bandwidth is available. The bandwidth
results are shown in Figure 12.

On-die Bandwidth SIFT does not show a very high
on-die bandwidth that even HDTV only requires
54GB/s bandwidth for 64-thread which is trivial
compared to the 1TB/s ring based on-chip bandwidth.

Also, the on-die traffic rises steadily with the
increase of thread count. This is because SIFT presents
true inter-thread communication as we have mentioned
earlier. In this way, the coherence traffic will increase
the total on-chip bandwidth. However, it does not
impact the performance speedup.

The on-die traffic can be classified into three
components: useful prefetches, useless prefetches and
demand accesses. Prefetching into the L1s can affect
the on-die bandwidth usage. Overly prefetched cache
lines will waste a great amount of bandwidth since
they are not used at all or need to be re-fetched after
evicted from L1 cache. Further, it may evict other
useful data. But as Figure 12(a) shows, both for
MPEG-2 and HDTV inputs the hardware prefetcher
only creates very little useless prefetch traffic.

* We use the metric of Bytes/ALU here, the memory
bandwidth can be estimated approximately as following:
Memory bandwidth = #thread * IPC * off-die traffic * core
frequency.
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However, based on our performance data, the useful
prefetch coverage that leads to L1 miss reduction is
relatively low. It is because though SIFT is dominated
by streaming accesses, its first level working set
including the streaming data almost fits into the L1
cache. Thus the L1 miss rate is only around 1%, and
most of the misses are caused by non-streaming
accesses.

Off-die Bandwidth Figure 12(b) shows the data
traffic between 16MB shared L2 cache and main
memory classified by reads and writes. The off-die
traffic for MPEG-2 follows the similar trend as the on-
die traffic. While the off-die traffic for HDTV is
insensitive to the number of threads. It is because of
the coherence misses. Since for HDTV there are less
sharing data contained in L2 cache as mentioned
earlier, the coherence misses have relative little impact
on the off-die traffic for HDTV while it affects the off-
die traffic of MPEG-2 quite a lot. Furthermore,
because most of the shared data are read-write shared,
the write traffic for MPEG-2 increases accordingly
while thread count scales.

SIFT has low off-chip bandwidth usage for MPEG-2
(less than 3GB/s) but relative higher bandwidth
requirement for HDTV (14GB/s). It is because of their
different working set sizes. Even though, it will not
limit the scaling performance of SIFT since the
memory bandwidth is far from saturating on the 64-
core simulator. Moreover, as opposed to the 16-core
SMP system the bandwidth requirement of 16-thread
on the 64-core CMP simulator is much lower (less than
4GB/s for HDTV image). It demonstrates the benefits
of the shared LLC.

6. RELATED WORK

Different from our study that mainly focus on the
general purpose multi-core systems, several SIFT
algorithm accelerations were proposed on GPU [17]
[19] in order to make SIFT run in real-time. Sinha et
al. [19] implemented SIFT algorithm on GPU. The
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results show that their implementation can only extract
about 800 key point features from a 640x480 video
image at 10 FPS. Heymann et al. [17] proposed
another SIFT implementation on GPU that can be
applied to image sequences with 640x480 pixels at a
speed of 20 FPS.

Though the performance of SIFT on GPU are attractive,
they are still much slower than a general purpose 64-
core CMP, which is capable of delivering real-time
performance even for the HDTV images (1920x1080).

7. CONCLUSION

In this paper, we parallelized and optimized the
SIFT algorithm. Also we conducted a detailed
performance characterization both on a 16-core SMP
system and on a 64-core CMP simulator. We found the
optimization techniques such as SIMD and cache-
conscious optimization are effective, which can bring
an 85% performance gain for SIFT at most. Regarding
the parallel performance, load imbalance affects the
scaling performance of SIFT seriously on both
systems. In addition, SIFT suffers from high burst
memory bandwidth requirement that reduces its
scalability on the 16-core SMP system. However, the
memory bandwidth demand is not high for the 64-core
CMP simulator due to its large shared LLC and high
available memory bandwidth. SIFT presents intensive
inter-thread communication due to the tremendous
read-write sharing. A shared LLC can help eliminate
the coherence traffic significantly.

The characterization of SIFT can help us understand
the SIFT program better and gives us insights into
designing future systems.

REFERENCES

[1] A. Jaleel, M.Mattina, and B. Jacob, “Last-Level Cache
(LLC) performance of data-mining workloads on a
CMP-A case study of parallel Dbioinformatics

workloads™, in 12" HPCA, February 2006.



[2] C.J. Hughes, R. Grzeszczuk, E. Sifakis, D. Kim, S.
Kumar, A.P. Selle, J. Chhugani, M. Holliman, and Y.K.
Chen, “Physical Simulation for Animation and Visual
Effects: Parallelization and Characterization for Chip
Multiprocessors ”, in 34™ ISCA, 2007.

[3] C. Liu, A. Sivasubramaniam, M. Kandemir,
“Organizing the Last Line of Defense before Hitting the
Memory Wall for CMPs”, in 6™ HPCA, 2004

[4] David G. Lowe, “Distinctive Image Features from
Scale-Invariant Keypoints”, International Journal of
Computer Vision, Volume 60, Number 2, 2004.

[5] F. Estrada, A. Jepson, and D. Fleet, “local Features
Tutorial”,  hAttp://www.cs.toronto.edu/~jepson/csc2503,
2004.

[6] J.D. Aalehi, J.F. Kurose, and D.F. Towsley, “The
Effectiveness of Affinity-Based Scheduling in
Multiprocessor Networking”, in INFOCOMM 96, 1996.

[71 Jung Ho Ahn Erez, M. Dally, W.J., “Scatter-add in
data parallel architectures”, in 11" HPCA, 2005.

[8] L. Hur, C. Lin, “Memory Prefetching Using Adaptive
Stream Detection”, in 39" MICRO, 2006.

[9] IBM  Corp. PowerPC Microprocessor Family:
Vector/SIMD  Multimedia  Extension  Technology
Programming Environments Manual.

[10] Intel Corporation, Intel 64 and IA-32 Architectures
Optimization Reference Manual, 2006.

[11] Intel Corporation, “Intel Threading Analysis Tools”, in
http://www.intel.com/software/products/Threading.

[12] Intel Corporation, “Intel VTune Performance Analyzer”,
http://www.intel.com/software/products/vtune.

[13] Iryna Skrypnyk, and David G. Lowe, “Scene Modeling,
Recognition and Tracking with Invariant Image
Features”, in ISMAR 04, November 2004.

[14] OpenMP Application Program Interface, Version 2.5,
May 2005.

[15] Qi Zhang, Yurong Chen, Yimin Zhang and Yinlong Xu,
“SIFT Implementation and Optimization for Multi-Core
Systems”, 10" Workshop on APDCM, February 2008.

[16] Shahbahrami, Asadollah; Juurlink, Ben; Vassiliadis,
Stamatis, “SIMD  Vectorization of Histogram
Functions”, ASAP, 2007.

[17] S. Heymann, K. Miiller, A. Smolic, B. Froehlich, and T.
Wiegand, “SIFT Implementation and Optimization for
General-Purpose GPU”, in WSCG'07, January 2007.

[18] S. Kumar, C.J. Hughes A. Nguyen. “Carbon:
Architectural Support for Fine-Grained Parallelism on
Chip Multiprocessors”, in ISCA, 2007.

[19] Sudipta N. Sinha, Jan-Michael Frahm, Marc Pollefeys,
and Yakup Genc, “Feature Tracking and Matching in
Video Using Programmable Graphics Hardware”,
Machine Vision and Applications, March 2007.

23




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /CMB10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /CMBX10
    /CMBX12
    /CMBX5
    /CMBX6
    /CMBX7
    /CMBX8
    /CMBX9
    /CMBXSL10
    /CMBXTI10
    /CMCSC10
    /CMCSC8
    /CMCSC9
    /CMDUNH10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /CMFF10
    /CMFI10
    /CMFIB8
    /CMINCH
    /CMITT10
    /CMMI10
    /CMMI12
    /CMMI5
    /CMMI6
    /CMMI7
    /CMMI8
    /CMMI9
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /CMR10
    /CMR12
    /CMR17
    /CMR5
    /CMR6
    /CMR7
    /CMR8
    /CMR9
    /CMSL10
    /CMSL12
    /CMSL8
    /CMSL9
    /CMSLTT10
    /CMSS10
    /CMSS12
    /CMSS17
    /CMSS8
    /CMSS9
    /CMSSBX10
    /CMSSDC10
    /CMSSI10
    /CMSSI12
    /CMSSI17
    /CMSSI8
    /CMSSI9
    /CMSSQ8
    /CMSSQI8
    /CMSY10
    /CMSY5
    /CMSY6
    /CMSY7
    /CMSY8
    /CMSY9
    /CMTCSC10
    /CMTEX10
    /CMTEX8
    /CMTEX9
    /CMTI10
    /CMTI12
    /CMTI7
    /CMTI8
    /CMTI9
    /CMTT10
    /CMTT12
    /CMTT8
    /CMTT9
    /CMU10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


